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No. 171 . Varch 2011

AUSAUINSUASENSEUINAUBLNUSUUIUAINST)
AUANaeULDDUIAFNUSABIRUMONUNSUSSSUANENS

Data mining
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> 2 years ?
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Rent or buy
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3. Database clustering 58 Segmen-
tation
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1. naugfisnaléige (>70,000)

2. ngugHaelAunans (20,000 to 70,000)

4. Deviation Detection
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5. Link Analysis
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> associations discovery

> sequential pattern discovery

> similar time sequence discovery
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